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Caries Detection by Artificial Neural Network
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Abstract
Caries Detection by LOGICON are widely accepted but this

program cannot indicate the depth of caries lesion which will be
helpful for dentist to perform treatment plan and also can use
only with digital radiograph. This research aims to create caries
detection model using Artificial Neural Network. The advantages
of this model are its ability to indicate the carious depth and it

can use with CCD(charge coupled device) resulting in avoidance

of radiation exposure. This model can detect caries on all tooth
surfaces except on proximal surface for CCD and on occlusal
surface for digital radiograph. Its sensitivity and specificity are

expected to be more than 80%.
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