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Abstract

In this paper, a new technique to identify system
parameter is presented, called hybrid approximator.
This scheme combines ANFIS with Least-Squares
Estimator. The hybrid scheme can be used for
parameter identification of a system which model
structure is known partially. The hybrid estimator
has ANFIS and LSE inside. In the learning process
to match mput-output data pairs, LSE estimates
parameter while ANFIS approximates input-output
relationship of the unknown part. When the
unknown part is modeled, the parameter in LSE can
be estimated more accurately. This technique also
speeds up the learning process and reduces root
mean squared error. The results from the simulated
and real plants are used to verify the validity of the
hybrid estimator and show advantages of this
technique.
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