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Abstract

This paper presents a system identification technique to
identify a Mass-Spring system by using Observer/Kalman filter
identification (OKID) which is one of several techniques in the
system identification. The objective is to build a Mathematical
Model from experiment set-up and compares with the analytical
one. The idenﬁﬁed model, however, can be used to further study_
system characteristic because of the flexibility of changing
parameters of the system, including a controller design that can

be built in future.
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