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Application of Genetic Algorithm for Tuning of PID-Controller

L [ e A 1 a 6 a o 2 3 1 a 6 Aa 4
PIUUNIAY ITTUNT ¥, UILIIWIA ‘]Ji]ﬂ']%d , WIEnNfHaan VL“D'UEJ?I SLAERINNOY ﬂiﬂ’ﬂfi{’ﬁim

1,2,3 a_ a 4 a a o a o
MATTIAINTINATBING AMAAINTINANEAT N%’]’Jﬂﬂ’lﬂﬂgﬂﬁi’]“ﬁﬁﬂﬁ f.808813A 2.273ut U %.QUE‘]S’]‘H‘E’]‘& 34190

4 as a - o o
naqmatlmwwzmmmnsmmmmm:mm &JWTJ“I]El"lﬂFJLYIF]I%IRFjWizﬁlaNﬂa”lWiE%ﬂimﬁa 10800
*Gqeia: weerayuth_gm@hotmail.com, 045-353363, Fax : 045-353333

UNAnga

luﬂqjﬂﬁ;ﬁuﬁmsw”wmmdéﬁu Soft Computing laglanne Computational Intelligence T4 Genetic
Algorithms (GA) Sluﬁ% Ant Colony Optimization (ACO) ez Particle Swarm Optimization (PSO) 6‘?&
‘ﬁnvl,‘ﬂgimiﬂszqn@ﬂ‘ﬂumimuqMmguga“uawmumﬂumuqmm%nimaH'NLL‘WS'%m&l mu%”alﬁﬁdﬁ%aua
M3l Genetic Algorithm saunuldsunsy MATLAB / Simulink f’fmdﬁm@iamsﬁﬁvl,ﬂlvﬁl,l,azﬁl,aﬁmmwgﬂu
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Lﬁamaauﬂszﬁﬂ%mwmao@ﬁmuqaJu;mJ GA-based PID #ilesumstsuudsuda wazinanSoufisunu
@Tamuqmmu PID AUSULAIAN W TTIA03T83TNN TGN 1% Ziegler-Nichols Method W&z Chien-
Hrones—Reswick Tuning Method (C-H-R Method) Lﬁag}Namauauawaﬁ:uumuqu ﬂ%f:l,ﬁal,ﬁumi
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A1Man: Genetic Algorithm, Ziegler-Nichole Method, Chien-Hrones—Reswick Tuning Method, PID Tuning
Abstract

In the recent Year Soft Computing, especially Computational Intelligence, such as Genetic
Algorithms (GA), Ant Colony Optimization (ACO) and Particle Swarm Optimization (PSO), has been
extensively studied and developed, which led to the Application in advance Control of industrial
Processes. This Research proposes the Use of Genetic Algorithm in Conjunction with MATLAB / Simulink,
which is easy to use and highly reliable in the Convergence of Finding an Answer with relatively low
computational Time, for Designing and Tuning Parameters of PID Controller to obtain the optimal Control.
These Control Parameters will be adjusted automatically. The Control System is designed and simulated
in the MATLAB / Simulink Environment to test the Performance of GA-based PID Controller. The

Comparison between GA-based PID Controller and the traditional Parameter Tuning Methods, such as
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to confirm and demonstrate the

Advantage of Using GA-based Parameter Tuning Method over the conventional One.

Keywords: Genetic Algorithm, Ziegler-Nichols Method, Chien-Hrones—Reswick Tuning Method, PID
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g‘ﬂﬁ 2 Block Diagram VAITVUMIUANUIY PID
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5.1 PID-Tuning Taans15saiiaulsvas

Ziegler-Nichols & Chien-Hrones-Reswick 5.2 PID-Tuning Iaain131% Genetic Algorithm
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