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Abstract

The objective of this research was to predict drying moisture ratio of hot air combines with electric
field drying using an artificial neural network model (ANNM). Tilapia was dried under drying temperatures
of 50-70 OC, air velocities of 0.5-1.5 m/s and 0.5-1.5 kV/cm of electric field. Subsequently, ANNM was
applied to describe the drying moisture ratio of the product. Furthermore, prediction result of ANNM was
compared with the experimental data. In this research, it was obviously found that Multilayer feed forward
Levenberg-Marquardt's back-propagation ANNM can describe the drying moisture ratio effectively with
r’=0.99989 and RMSE=0.00424

Keywords: Drying Hot air Electric field Artificial neural network Moisture ratio
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